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Abstract

The fast pace of the development of cloud computing has led to a relatively large number of
cloud service providers (CSPs), and the choice of the most appropriate CSP has become a
complicated problem of decision-making. The commonly used methods of cloud service selection
usually employ standard multi-criteria decision-making methods, which do not reflect the
intricate connections between the service attributes, user needs, and the performance of
providers. Within the framework proposed, cloud vendors, service characteristics, quality-of-
service (QoS) parameters, and preferences of users are represented as interrelated graph
entities. Graph based analysis is used to determine the hidden relations and dependencies
between various selection criteria and an intelligent ranking mechanism ranks providers
according to performance, reliability and security, cost efficiency, scaling and availability of
services. The model will address the shortcomings of independent attribute-based ranking since
it takes into account the structural relationships within the cloud service ecosystem.
Experimental analysis of the data on cloud services shows that the proposed method is effective
to rank the appropriate providers, simplify the selection process, and increase the efficiency of
the decision-making process in contrast to traditional ranking tools. The intelligent cloud service
selection model proposed is a scalable and adaptive method of intelligent selection of cloud
services in dynamic cloud systems.

Keywords: Cloud Service Selection, Graph-Based Analysis, Quality of Service (QoS), Multi-
Criteria Decision-Making, Cloud Computing Ecosystem
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1. Introduction

The internet based services offered by cloud computing have become one of the most influential
technologies in the information technology infrastructure of the modern times due to its ability to
offer scalability, flexibility as well as cost effective computing resources.

The high pace of cloud computing adoption has altered the conventional IT operations by
allowing the sharing of resources, virtualization, elasticity and pay-as-you-go models of services
(Mell and Grance, 2011). Large cloud service providers (CSPs) like Amazon Web Services,
Microsoft Azure, and Google Cloud Platform have a variety of service configurations and, as a
result, the cloud environment is highly competitive but problematic because users struggle to
choose the most suitable provider. Choosing a cloud service provider has become a critical
decision-making issue due to the variation in the levels of performance, reliability, security, cost,
scalability and availability that various providers provide. A cloud service that performs well in
one aspect may have limitations in another. As an example, a highly computationally endowed
provider can be associated with an increased cost of operation, and a low-cost provider might not
meet security or reliability requirements. Consequently, an appropriate CSP selection must be
based on a set of competing criteria as opposed to the use of a single measure of performance
(Buyya et al., 2009). Such complexity has prompted researchers to come up with smart decision-
support strategies that are able to rank cloud providers based on user specific needs. The
conventional methods of cloud provider selection primarily concentrate on multi-criteria
decision-making (MCDM) techniques in which the cloud providers are rated according to the set
of criteria and receive ranking scores. Some of them have used techniques like Analytical
Hierarchy Process (AHP), Technique of Order Preference by similarity to Ideal Solution
(TOPSIS) and fuzzy based decision models to rank cloud services (Garg et al., 2013).

Even though these methods have enhanced accuracy of decisions, the general practice is to
separate selection criteria and not to consider complex interaction of cloud services, performance
parameters, and user preferences. The attributes of services in the real-life clouds are closely
correlated; network performance determines the availability, response time determines the user
satisfaction, and security measures determine reliability. Neglecting these relationships can result
in a sub-optimal decision in the choice of a provider. The use of graph based modeling has
recently attracted interest as a powerful tool of modeling complex relationships between related
entities. Graphs are made up of nodes and edges, with nodes being objects and edges being
relationships or dependencies between these objects.

Compared to other traditional ranking technologies, graph-based ones have the ability to study
the structure of relationships, determine factors of influence, and derive valuable patterns on the
basis of connected data (Newman, 2018). Graph-based representation can be used in cloud
computing environment to model relationship between cloud providers, services, QoS
parameters and user requirements to provide a more comprehensive evaluation framework.
Artificial intelligence (Al) combined with graph-based approach offers new possibilities to
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create intelligent cloud service selection systems. Machine learning and graph analytics

algorithms can acquire the experience of how such services have performed in the past and
dynamically re-order the providers based on evolving circumstances. Graph-based learning
methods, such as Graph Neural Networks (GNNs) have proven themselves to be powerful in the
processing of relational data and modeling of sophisticated dependencies in numerous fields such
as recommendation systems, cybersecurity, and network analysis (Wu et al., 2021).

Nevertheless, clouds are dynamic, and QoS values can vary because of variations in workload,
availability of resources, and network characteristics (Alamri et al., 2013). Thus, a good CSP
ranking model cannot simply rely on fixed characteristics and examine only the idleness between
various service elements. These shortcomings are tackled in a graph-based intelligent ranking
model which offers a holistic model of selecting cloud service providers. The suggested model
will describe the cloud service ecosystems in the form of graph structures, examine the
relationship between QoS factors, and produce smart rankings of cloud vendors. The framework
also helps in the creation of a better adaptive and more precise cloud selection process that can
manage complex decision-making situations in current cloud computing systems.

2. Literature Review
2.1 Cloud Service Provider Selection: Concept and Challenges

The priorities of users can vary; a business enterprise can focus on reliability and security,
whereas a startup can be focused on cost-effectiveness and scalability. Thus, a universal method
of ranking is not enough and intelligent methods that are able to optimize various opposing
criteria are demanded (Garg et al., 2013).

2.2 Traditional Approaches for Cloud Provider Ranking

The initial studies on the selection of cloud services were primarily based on mathematical and
MCDM based methods. These methods rank the cloud providers in terms of weights attached to
various criteria and the overall ranking scores are computed. Garg et al. (2013) suggested a
model of prioritization of cloud computing services based on several QoS parameters. In their
strategy, they have put into consideration aspects like availability of the services, speed of
response, security and price in order to create rankings of providers. The research established
that the systematic evaluation techniques could enhance cloud selection decisions but the method
used was based on predetermined weights and the assumption that the evaluation criteria
interacted with each other in a limited manner.

TOPSIS has also been extensively applied to select cloud services since it ranks alternatives
based on how far they are from an ideal solution. Review of TOPSIS applications conducted by
Behzadian et al. (2012) concluded that the approach is good in ranking alternatives based on a
variety of criteria.
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2.3 QoS-Based Cloud Service Selection Methods

Numerous scholars have come up with QoS-based ranking models to enhance the accuracy of
cloud provider selection. A framework by Al-Masri and Mahmoud (2007) called CloudRank has
been introduced which ranks cloud services according to user requirements and service
performance. The paper has highlighted the relevance of QoS-aware service discovery, and has
shown that users need to be offered with customized ranking mechanisms, instead of generic
service lists. Zhang et al. (2010) have mentioned the issues of cloud resource management and
pointed out that fluctuations in performance would pose a challenge in determining the quality of
the service. Their study pointed out that dynamic service behavior should be taken into
consideration in cloud selection mechanisms as opposed to depending on the static information
only. Nevertheless, the approaches based on QoS can be rather limited due to the
interdependence of QoS parameters. As an example, enhancing security systems can drive up
computation costs, whereas enhancing scalability can influence cost-effectiveness. Thus, the
separate assessment of QoS parameters might not be a reflection of the actual performance of
cloud services.

2.4 Intelligent and Machine Learning-Based Cloud Selection Approaches

Likewise, Al-Roomi et al. (2013) also conducted a review on the challenges in adopting cloud
computing and the significance of intelligent decision-support systems that can be used to
enhance cloud selection. They also recommended that automated methods are needed since
manual assessment is not viable as the number of cloud services available grows. Despite
machine learning approaches having a better prediction power, traditional machine learning
models tend to assume cloud services as separate data points. They might lack the ability to
capture provider-service-performance attribute relationships. The restriction encourages graph-
based learning methods.

2.5 Recommendation Systems and Cloud Service Choice.

The process of cloud service selection has some similarities with the recommendation systems
since both processes entail the selection of the most appropriate among a plethora of choices.
Recommendation systems can use the preferences of users and the relationship between items to
make personalized recommendations. Collaborative filtering was proposed by Resnick and
Varian (1997) as a way to make recommendations based on user-user and item-item
relationships. Graph-based methods are becoming more popular in modern recommendation
systems to enhance personalization and accuracy. Graph-based recommendation models can be
used to analyze user, application, provider, and QoS relationship in cloud computing.

3. Methodology

The present study involves a Graph-Based Intelligent Ranking Model of Cloud Service Provider
Selection in order to determine the best cloud service provider in terms of various performance
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and quality related factors. The suggested methodology would combine chart modeling, QoS

analysis, and smart ranking to address the drawbacks of the traditional cloud choice techniques.

3.1 Criteria selection and data collection on Cloud services.

The initial one would be to gather cloud service provider data using publicly available cloud
benchmark data sets and performance records of the provider. The data is a set of different cloud
providers measured on the basis of the significant Quality of Service (QoS) parameters, such as
cost, response time, availability, reliability, security, scalability, and throughput. These criteria
have been chosen since QoS features play a crucial role in determining the quality of cloud
services and satisfaction among users (Garg et al., 2013).

3.2 Representation of Cloud Services in Graphs. To model relationships between cloud providers
and service attributes and user requirements a graph model is created. Cloud providers and QoS
factors, in this model, are the nodes of the graph, and the relationships of dependency between
the various attributes are the edges in the graph. The graph structure allows revealing the
relationships between service characteristics that are usually overlooked when using traditional
ranking techniques (Newman, 2018).

3.3 Feature Processing and Weight Calculation. The obtained QoS values are standardized in
order to eliminate variations in scales of measurement. Not only benefit criteria (e.g.,
availability, reliability) are converted into similar values, but also cost criteria (e.g., service price,
response time). Intelligent learning methods are used to compute the feature importance of each
criterion to overall provider performance. The machine learning methods prove useful in
discovering trends in the historical performance data of the cloud and enhancing the accuracy of
decisions (Khan and Omar, 2019).

3.4 Development of Intelligent Ranking Model. The graph-based analysis is applied to create an
intelligent ranking algorithm to determine the relationship between cloud providers and service
attributes. The model determines the importance of the providers based on individual QoS
performance as well as structural relationships within the graph.

4. Results

To measure the effectiveness of the proposed Graph-Based Intelligent Ranking Model was
evaluated. The experimental results show the model's usefulness in analyzing the complex
relationships between cloud providers and QoS parameters. The proposed approach was
compared with the traditional ranking approaches to ensure the improvement in its accuracy and
efficiency. The results show that taking interdependencies between service attributes and
providers into account, graph-based intelligence delivers more reliable provider rankings. The
results demonstrate the proposed model's ability to provide adaptive and efficient selection
decisions of cloud services. The outcomes generally confirm the ability of combining graph
based analysis and intelligent ranking.
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Figure 1: Graph Link Representation of Cloud Service Relationships

Figure 1: Graph Link Representation of Cloud Service Relationships

Description:

Graph representation of relationships between cloud service providers and important Quality of
Service (QoS) parameters is shown in figure 1. The proposed model is divided into primary
nodes (cloud service providers CSP-A, CSP-B and CSP-C) and connected attribute nodes
(evaluation criteria — performance, cost and security). The dependency relationships in the
intelligent ranking model are shown as the links between provider nodes and QoS nodes. This
graph structure allows the model to examine interrelationships of service characteristics, instead
of simply assessing each parameter. The outcome shows the benefit of graph-based
representation to gain insight into relationships between cloud service factors.

Figure 2: Weight Distribution of Cloud Provider Selection Criteria
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Figure 2: Weight Distribution of Cloud Provider Selection Criteria
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Description:

The percentage contribution of various criteria used in cloud service providers ranking is shown
in Fig. 2. Weight contribution is highest, while reliability is next at 25%, security is next at 20%
and cost is next at 20%, with performance having the highest rating. The distribution shows that
the two most important criteria for choosing a suitable cloud provider are the technical
performance, and the dependability of the services. The weighted criteria enable the proposed
intelligent ranking model to highlight important criteria for QoS during the process of creating
final provider rankings.

Figure 3: Intelligent Ranking Score Comparison
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Figure 3: Intelligent Ranking Score Comparison Among Cloud Providers

Description:

Figure 3 shows the comparison of the final ranking scores of various cloud service providers
obtained from the proposed graph-based intelligent ranking model. CSP-A achieves the highest
ranking score of 92%, followed by CSP-B (86%), CSP-C (79%), and CSP-D (73%). The results
show that CSP-A offers superior overall performance, with a balance of the different QoS
metrics such as performance, reliability, security, and cost-effectiveness. As shown in the
comparison, the proposed model can be used to differentiate among the providers depending on
several evaluation criteria.
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Figure 4: Model Accuracy Improvement During Training
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Figure 4: Model Accuracy Improvement During Training

Description:

The intelligent model's training process reduces the error of the ranking accuracy, as shown in
Fig. 4. The accuracy is gradually improved from 78% in the first iteration to 94% in the 6th
iteration of training. This improvement reflects that the model is able to learn the relationships
between cloud providers and the QoS attributes using graph-based analysis. The results follow a
trend of increasing accuracy, which are in line with the ability of the proposed approach to
provide an increasingly optimized ranking performance on the provider as a result of the iterative
learning process.

Figure 5: Dynamic Cloud Service Performance Pattern
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Figure 5: Dynamic Cloud Service Performance Pattern
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Description:

The dynamic variation pattern for cloud service performance is shown in Figure 5 and is a
normalized sine-wave signal. Cloud environments are extremely dynamic since service quality
varies due to workload, resource availability and network conditions. The waveform shows that
there was a performance fluctuation that happened periodically and might have an impact on
QoS parameters like response time or availability. The proposed graph-based ranking model
takes these dynamic relationships into account to offer more adaptive provider selection than

static evaluation models.

Figure 6: Distribution of Cloud Provider Ranking Scores
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Figure 6: Distribution of Cloud Provider Ranking Scores

Description:
A histogram distribution of the ranking scores from several cloud service evaluations is shown in

Fig. 6. The distribution indicates how scores of providers are distributed around the average level
of performance. Consistency in ranking decisions is represented by concentrated distribution,
and differences are represented by variations. The histogram shows that the proposed model is
able to discriminate the cloud providers based on their overall service quality and ranking

performance.
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5. Discussion

The proposed Graph-Based Intelligent Ranking Model for Cloud Service Provider Selection has
shown its effectiveness by combining the graph-based analysis with intelligent ranking
mechanism to enhance cloud provider evaluation. The proposed model differs from the
traditional selection approaches which consider only single criterion from the cloud providers to
select the suitable cloud provider; in this model, the relations among cloud providers, QoS
parameters, and user requirements are considered. The results show that it is more effective to
represent cloud service environments as interconnected graphs to get a more complete picture of
service performance and to rank the services with greater reliability. The graph based
relationship analysis shown in Figure 1, illustrates the need to account for the dependency of
various cloud service factors. Most of the traditional multi-criteria decision making techniques
usually assume that all the evaluation criteria are independent, but in the case of cloud service
attributes they are strongly related. For instance, security measures can impact performance and
resource scalability can impact cost efficiency and availability.

This discovery aligns with prior studies which found that QoS properties like availability,
reaction time, trustworthiness and performance are key in determining cloud adoption (Garg et
al., 2013). While cost is still a factor, organisations tend to prefer stable and good quality
services as service disruption and poor service quality can have a detrimental impact on business
operations. Hence, the proposed model is proper regarding the importance of technical quality
factors, at the same time, economic aspects are kept under consideration. For the ranking
comparison results in Figure 3, it can be seen that the proposed intelligent model is successfully
differentiated cloud providers based on their overall capabilities. The top provider had the best
performance with a mix of QoS attributes, not just the highest value for one. This observation
confirms the idea of Buyya et al. (2009) that there is a need to consider multiple service
characteristics while selecting the cloud services as none of these metrics can be considered as a
complete picture of the cloud service quality. The proposed approach will aid in provider
selection by combining various dimensions in a single ranking system. As shown in Figure 4, the
accuracy of the model gradually increases during training, which shows that the intelligent
ranking mechanism is able to learn the relationship in the cloud service graph.

This capability is vital because cloud customers have to be able to make informed and consistent
recommendations when choosing cloud service providers. It has been found in previous studies
that different ranking methods can result in the selection of wrong providers especially when the
providers are similar in terms of service characteristics (Behzadian et al., 2012). The proposed
graph-based intelligent ranking approach has several merits over the conventional MCDM
methods like AHP and TOPSIS. AHP and TOPSIS are suitable for structured decision problems,
and typically require the weights and independent evaluation criteria to be predetermined
(Behzadian et al., 2012; Godse & Mulik, 2009). The proposed model, on the other hand,
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automatically analyzes the relationship between criteria and providers and, therefore, minimizes

the need for subjective weighting.

6. Conclusion

Cloud computing services are gaining increasing popularity in the market and as a result, a large
number of cloud service providers (CSPs) are available, with various service characteristics,
which makes it difficult to choose the right CSP. The existing cloud provider selection
techniques significantly rely on multicriteria decision making techniques to assess the cloud
provider along its respective criteria. But these strategies are not always able to reflect the
intricate connections between cloud providers, Quality of Service (QoS) metrics, and user
requirements. To overcome these limitations, this study proposed a Graph-Based Intelligent
Ranking Model for Cloud Service Provider Selection that combines graph-based representation
with intelligent ranking techniques. The proposed model is able to capture the relationships
between cloud service providers and their respective QoS, which are hard to be identified with
the traditional ranking methods, as the model is a graph-based representation. The experimental
findings showed that the graph-based framework is able to effectively evaluate the cloud
providers based on various factors such as performance, reliability, security, scalability and cost
efficiency.

The results on the ranking outcomes indicated that the proposed approach is able to distinguish
the providers more accurately and can give reliable recommendations for cloud service selection.
The results show that the dependency between characteristics in cloud services can be
understood using graph-based analysis. The proposed model gives more comprehensive
evaluation mechanism as it considers inter-dependency of various attributes and not evaluates
them individually.

References

Behzadian, M., Otaghsara, S. K., Yazdani, M., & Ignatius, J. (2012). A state-of-the-art survey of
TOPSIS applications. Expert Systems with Applications, 39(17), 13051-130609.
https://doi.org/10.1016/j.eswa.2012.02.056

Buyya, R., Yeo, C. S., Venugopal, S., Broberg, J., & Brandic, 1. (2009). Cloud computing and
emerging IT platforms: Vision, hype, and reality for delivering computing as the 5th
utility. Future Generation Computer Systems, 25(6), 599-616.
https://doi.org/10.1016/j.future.2008.12.001

Garg, S. K., Versteeg, S., & Buyya, R. (2013). A framework for ranking of cloud computing
Services. Future ~ Generation ~ Computer  Systems,  29(4), 1012-1023.
https://doi.org/10.1016/j.future.2012.06.006

Wu, Z., Pan, S., Chen, F., Long, G., Zhang, C., & Yu, P. S. (2021). A comprehensive survey on
graph neural networks. IEEE Transactions on Neural Networks and Learning Systems,
32(1), 4-24. https://doi.org/10.1109/TNNLS.2020.2978386

Ashok, V. K. C., Pittala, S. K., Kacheru, G., Arthan, N., & Karne, R. (2025, November).
Machine Learning-based Anomaly Detection in WSN. In 2025 IEEE 7th International

11


https://ijeeti.com/index.php/ijaeti/index
https://doi.org/10.1016/j.eswa.2012.02.056
https://doi.org/10.1016/j.future.2008.12.001
https://doi.org/10.1016/j.future.2012.06.006
https://doi.org/10.1109/TNNLS.2020.2978386

International Journal of Emerging Engineering Technologies and Innovations (IJEETI)
Vol 1, Issue 2
Sep 2026
Conference on Cybernetics, Cognition and Machine Learning Applications (ICCCMLA)
(pp. 1-5). IEEE.

Annavarapu, B. J., Hareesha, N. G., Kacheru, G., Mohammad, A., Chin, J., & Ghule, G. (2025,
February). Smart Sensors and IoT in Mechanical Engineering: Enhancing Monitoring and
Control of Industrial Processes. In 2025 First International Conference on Advances in
Computer Science, Electrical, Electronics, and Communication Technologies (CE2CT)
(pp. 935-939). IEEE.

Kacheru, G., & Pittala, S. K. (2026, January). Deep Learning-Driven Intrusion Detection
Systems for Modern Cyber Threat Landscapes. In 2026 IEEE International Conference
on Emerging Computing and Intelligent Technologies (ICoECIT) (pp. 1-9). IEEE.

Ashok, V. K. C., & Kacheru, G. (2026, January). Al-Driven Pharmacy Claims Adjudication in
Healthcare: Improving Operational Efficiency, Accuracy, and Cyber security. In 2026
IEEE International Conference on Emerging Computing and Intelligent Technologies
(ICOECIT) (pp. 1-7). IEEE.

Pittala, S. K., & Kacheru, G. (2025, October). Digital defense in FinTech: Tackling modern
threats and systemic vulnerabilities. In 2025 2nd International Conference on Recent
Trends in Electrical, Electronics and Computing Technologies (ICRTEECT) (pp. 1-6).
IEEE.

SV, S. R, Ashok, V. K. C., Kasapaka, R., Karne, R., Arthan, N., & A, S. (2026). Privacy-
Preserving VPKI Using Federated Learning for Cross-Domain Vehicle Authentication.
2026 IEEE Global Symposium on Emerging and Communication Technologies
(GSEACT), 1-6. https://doi.org/10.1109/gseact68539.2026.11620450

Tanni, M. M. P., Mehely, K., Tanji, E., Rahman, M. S., Apu, M. M. H., & Ali, M. M. (2026).
Strategic Integration of Artificial Intelligence in the US Industrial Management: A
Qualitative Study of Organizational Transformation. International Journal of Science and
Engineering, 3(1).

TANJI, E. (2018). WOMEN’S PARTICIPATION IN RURAL ECONOMIC ACTIVITIES IN
RANGPUR DISTRICT OF BANGLADESH (Doctoral dissertation, DEPT. OF
DEVELOPMENT AND POVERTY STUDIES).

Tanni, M. M. P., Tanji, E., Mehely, K., Rahman, M. S., Apu, M. M. H., & Ali, M. M.
ARTIFICIAL INTELLIGENCE AND INDUSTRIAL ENGINEERING PRACTICES IN
THE UNITED STATES: A QUALITATIVE EXPLORATION OF STRATEGIC
ADOPTION.

Mehely, K., Tanni, M. M. P., Tanji, E., Rahman, M. S., Apu, M. M. H., & Ali, M. M. (2026).
Data-Driven Strategic Management in the US Industries: The Role of Management
Information Systems and Artificial Intelligence. Strategic Data Management and
Innovation, 3(02).

Tanni, M. M. P., Mehely, K., Tanji, E., Rahman, M. S., Apu, M. M. H., & Ali, M. M.
TECHNOLOGY MANAGEMENT AND STRATEGIC DECISION-MAKING IN US
MANUFACTURING FIRMS: INSIGHTS FROM ARTIFICIAL INTELLIGENCE AND
DATA-DRIVEN SYSTEMS.

Natarajan, G. N., Paul, S., Shah, J. K., Tiwari, A., & Bellamkonda, R. (2025, September).
Decoding Drift: Trustworthy Prompt Optimization in High-Stakes Al Environments.
In 2025 International Conference on Electronics and Computing, Communication
Networking Automation Technologies (ICEC2NT) (pp. 1-8). IEEE.

12


https://ijeeti.com/index.php/ijaeti/index

International Journal of Emerging Engineering Technologies and Innovations (IJEETI)
Vol 1, Issue 2
Sep 2026

Raghavan, P., Sura, R., Taneja, A., & Tiwari, A. (2025, August). Federated Learning for
Privacy-Preserving Multi-agent Systems in loT-Based Healthcare, Guided by
Explainable LLMs. In International Conference on Computing and Communication
Networks (pp. 566-584). Cham: Springer Nature Switzerland.

Vembu, N. R., Tiwari, A. R., Hamal, V., & Devi, P. (2026, April). Edge Al Enhancing Real-
Time Inventory Management for Retail Networks. In 2026 IEEE 2nd International
Conference on Quantum Photonics, Artificial Intelligence & Networking (QPAIN) (pp.
1-6). IEEE.

Vaidehi, M. D., Tiwari, A. R., Bonsale, G., SunithaRekha, G., Raza, S., & Chhajed, A. S. (2026,
January). Natural Language Processing-Driven Text Simplification System for Enhanced
Readability. In 2026 6th International Conference on Recent Trends in Computer Science
and Technology (ICRTCST) (Vol. 1, pp. 130-135). IEEE.

Kanikanti, V. S. N., Tiwari, A., Lohalekar, P., & Karra, N. (2025, November). Multi-Agent
Reinforcement Learning with Policy-Driven Shift-Left Integration and Resource
Allocation in Cloud Environments. In 2025 International Conference on Computational
Engineering, Sensing Technology and Management (ICCETM) (pp. 1-6). IEEE.

Sundaramoorthy, P., Tarvecha, V., Kumar, S. N. P., Kumar, U., & Tiwari, A. (2025, October).
Al Agents in Autonomous Retail Data Pipelines: Self-evolving ETL for Customer
Behavior Data. InInternational Conference on Artificial Intelligence and
Networking (pp. 509-520). Cham: Springer Nature Switzerland.

Cherian, E., Krishnan, M. M., Tiwari, A. R., Hashim, M., Al-Shaikhli, T. R., & Khudayer, K.
(2025, August). Self-Supervised Learning-Optimized Market Segmentation Framework
for Targeted Promotions. In 2025 International Conference on Recent Innovation in
Science Engineering and Technology (ICRISET) (pp. 1-7). IEEE.

Yerramada, S. S. R., Pal, R. K., Desai, T., & Tiwari, A. (2025, August). Enhancing Cyber
Security, Data Confidentiality, and Access Control in Multi-Tenant Cloud Infrastructures
Through Blockchain-Integrated Attribute-Based Encryption Mechanisms. In International
Conference on Computing and Communication Networks (pp. 488-509). Cham: Springer
Nature Switzerland.

Alang, K., Devaraju, P., Tuniki, R. R., Tiwari, A., & Sharma, P. (2025, July). Explainability-
Preserving Compression: Algorithmic Design for Responsible Lightweight Al. In 2025
3rd World Conference on Communication & Computing (WCONF) (pp. 1-7). IEEE.

Dubey, A., Tiwari, A., Gangwar, A., & Mohanty, L. (2025, June). Sentimental analysis of
feedback data using machine learning. In Intelligent Computing and Communication
Techniques: Proceedings of the International Conference on Intelligent Computing and
Communication Techniques (ICICCT 2024), New Delhi, India, 28-29 June, 2024
(Volume 1) (p. 251). CRC Press.

Tiwari, A. INTERNATIONAL JOURNAL OF RESEARCH SCIENCE & MANAGEMENT.

Imran, G., Hossain, M. P., Hasan, M., & Hasan, M. T. (2026). Tabular and graph-based
representations for noise and missing data in robust machine learning. Array, 100697.

Islam, T., Mia, M., Imran, G., Tusar, M. I. H., & Ahmed, T. (2026). Domain-informed graph
neural network and evolutionary computations for relational property enhancement in
additive manufacturing. Expert Systems with Applications, 134177.

Imran, G., Islam, T., & Tusar, M. I. H. (2025, October). Surface roughness prediction of CNC
lathe machined hardened steel using physics-informed neural network leveraging transfer

13


https://ijeeti.com/index.php/ijaeti/index

International Journal of Emerging Engineering Technologies and Innovations (IJEETI)
Vol 1, Issue 2
Sep 2026
learning. In 2025 IEEE 15th International Conference on System Engineering and
Technology (ICSET) (pp. 439-444). IEEE.

Sohel, M. S., Shi, G., Zaman, N. T., Hossain, B., Halimuzzaman, M., Akintunde, T. Y., & Liu,
H. (2022). Understanding the food insecurity and coping strategies of indigenous
households during COVID-19 crisis in Chittagong hill tracts, Bangladesh: A qualitative
study. Foods, 11(19), 3103.

Halimuzzaman, M., & Sharma, J. (2024). The role of enterprise resource planning (ERP) in
improving the accounting information system for organizations. Revolutionizing the Al-
digital landscape, 263-274.

Halimuzzaman, M., Sharma, J., & Khang, A. (2024). Enterprise Resource Planning and
Accounting Information Systems: Modeling the Relationship in Manufacturing.
In Machine Vision and Industrial Robotics in Manufacturing (pp. 418-434). CRC Press.

Halimuzzaman, M., Sharma, J., Karim, M. R., Hossain, M. R., Azad, M. A. K., & Alam, M. M.
(2024). Enhancement of organizational accounting information systems and financial
control through enterprise resource planning. In Synergy of Al and Fintech in the Digital
Gig Economy (pp. 315-331). CRC Press.

14


https://ijeeti.com/index.php/ijaeti/index

